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Abstract: 
 
Financial reporting was enhanced by Artificial Intelligence (AI), which served as a 
communication channel enabling investors to make informed investment decisions. Financial 
reports acted as a window through which investors assessed the financial performance of an 
organization. AI had become a transformative force in corporate financial communication, 
reshaping how organizations collected, analyzed, and disseminated financial information. 
Financial reporting, which served as a vital communication tool between companies and 
investors, was increasingly strengthened by AI to ensure accuracy, timeliness, and 
transparency. Technologies such as Machine Learning (ML), Natural Language Processing 
(NLP), and Robotic Process Automation (RPA) had emerged as powerful tools that enhanced 
the efficiency and reliability of financial reporting and investor relations. The objective of this 
study was to examine the impact of AI on corporate financial communication, emphasizing its 
role in improving financial reporting quality, investor engagement, and decision-making. The 
study adopted a qualitative research design and employed a systematic review of relevant 
literature, including peer-reviewed journal articles, industry publications, and case studies that 
explored the application of AI in financial management and communication. Data was analyzed 
thematically to identify the major trends, opportunities, and challenges associated with AI 
adoption in financial reporting. The study provided insights into how AI technologies could be 
effectively integrated into financial communication practices while maintaining ethical 
standards, data transparency, and human oversight. 
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I. Introduction 
 

Corporate financial communication represents a critical interface between 
organizations and their stakeholders, particularly investors, creditors, and regulatory bodies. 
Traditionally, this communication has been facilitated through standardized financial reports, 
earnings calls, investor presentations, and regulatory filings. These documents serve as primary 
sources of information for stakeholders to assess an organization's financial health, 
performance, and prospects (Healy & Palepu, 2001). However, the increasing complexity of 
financial markets, regulatory requirements, and stakeholder expectations has placed 
unprecedented demands on corporate financial communication systems. 

 
The digital transformation of the past two decades has introduced new technologies 

that have begun to reshape financial communication practices. Among these, Artificial 
Intelligence (AI) has emerged as a particularly transformative force. AI encompasses a range 
of technologies including Machine Learning (ML), Natural Language Processing (NLP), and 
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Robotic Process Automation (RPA), each offering unique capabilities to enhance financial 
communication processes (Davenport & Ronanki, 2018). 

 
The integration of AI into financial communication addresses several longstanding 

challenges in the field. Traditional financial reporting has often been criticized for being 
backward-looking, overly complex, and failing to provide timely information (Lyons, 2018). 
AI technologies can process vast amounts of financial and non-financial data in real-time, 
identify patterns and anomalies, and generate insights that would be difficult for human 
analysts to discern (Kokina & Davenport, 2017). Furthermore, AI can transform how financial 
information is presented, making it more accessible and understandable to diverse stakeholder 
groups. 

 
The adoption of AI in financial communication has accelerated in recent years, driven 

by advancements in technology, increasing data availability, and growing competitive 
pressures. According to a recent survey by Deloitte (2020), 67% of financial executives 
reported implementing AI in their reporting processes, with an additional 25% planning to do 
so within the next two years. This trend reflects a broader recognition of AI's potential to 
enhance the quality, timeliness, and relevance of financial communication (Aondover, 2025). 
 
1.1 Problem Statement  

Despite the growing adoption of AI in financial communication, several significant 
challenges and gaps remain. First, there is a lack of comprehensive understanding of how AI 
technologies specifically impact the quality and effectiveness of financial communication. 
While anecdotal evidence suggests benefits, systematic analysis of these impacts is limited 
(Müller et al., 2020). 

 
Second, the rapid evolution of AI technologies has outpaced the development of 

appropriate governance frameworks and regulatory guidelines. This creates uncertainty 
regarding the ethical use of AI in financial communication, particularly concerning issues of 
transparency, accountability, and bias (Acemoglu & Restrepo, 2018). 

 
Third, there exists a significant gap between the potential of AI technologies and their 

actual implementation in financial communication processes. Many organizations struggle with 
integrating AI into existing systems, overcoming technical challenges, and developing the 
necessary human expertise to leverage these technologies effectively (Ransbotham et al., 2017). 

 
Fourth, the implications of AI adoption for stakeholder trust and engagement are not 

well understood. While AI can enhance the efficiency and accuracy of financial 
communication, questions remain about how stakeholders perceive and interact with AI-
generated or AI-enhanced financial information (Lee et al., 2019). 

 
Finally, there is limited research on the optimal balance between AI automation and 

human oversight in financial communication. Finding this balance is critical to maintaining the 
credibility and reliability of financial information while realizing the benefits of AI 
technologies (Jarrahi, 2018). 

 
These challenges highlight the need for a comprehensive examination of AI's role in 

corporate financial communication, focusing on its impacts, opportunities, challenges, and 
best practices for implementation. 
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1.2 Objective of the Research 
The primary objective of this study is to examine the impact of Artificial Intelligence 

on corporate financial communication, with a focus on its role in enhancing financial 
reporting quality, investor engagement, and decision-making processes. To achieve this 
overarching objective, the study pursues the following specific objectives: 

1. To assess how AI technologies improve the quality, accuracy, and timeliness of 
financial reporting in corporate communication. 

2. To evaluate the role of AI in enhancing investor engagement, relations, and 
satisfaction. 

3. To analysed how AI supports decision-making processes in financial communication 
for both corporate managers and investors. 

4. To identify the major trends, opportunities, and challenges associated with AI 
adoption in financial reporting and communication. 

5. To provide recommendations for the effective integration of AI technologies into 
financial communication practices while maintaining ethical standards, data 
transparency, and appropriate human oversight. 
 
By addressing these objectives, this research aims to contribute to both academic 

understanding and practical implementation of AI in corporate financial communication. 
 
1.3 Research Questions 

To guide the investigation and achieve the research objectives, this study addresses the 
following research questions: 

1. How does AI enhance the quality, accuracy, and timeliness of financial reporting in 
corporate communication? 

2. In what ways does AI improve investor engagement, relations, and satisfaction? 
3. How does AI support decision-making processes in financial communication for both 

corporate managers and investors? 
4. What are the major trends in AI adoption for financial communication, and what 

opportunities and challenges arise from this adoption? 
5. How can organizations effectively integrate AI into financial communication practices 

while maintaining ethical standards, data transparency, and appropriate human 
oversight? 
 
These research questions provide a framework for systematically examining the impact 

of AI on corporate financial communication and identifying best practices for its 
implementation. 
 
1.4 Research Hypothesis 

Based on the research objectives and questions, the following hypotheses are 
formulated: 

H1: AI implementation significantly improves the accuracy, timeliness, and 
comprehensiveness of financial reporting in corporate communication. 
H2: AI-enhanced financial communication leads to improved investor engagement, 
satisfaction, and trust. 
H3: Organizations using AI in financial communication demonstrate better decision-
making capabilities and outcomes. 
H4: The adoption of AI in financial communication is positively associated with 
corporate transparency and governance quality. 
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H5: Effective integration of AI in financial communication requires a balanced 
approach that combines technological capabilities with human oversight and ethical 
considerations. 

 
These hypotheses will be tested through the systematic review and analysis of existing 

literature, case studies, and empirical evidence on AI in corporate financial communication. 
 

II. Review of Literature 
 

2.1 The Evolution of Corporate Financial Communication 
Corporate financial communication has evolved significantly over the past decades, 

driven by regulatory changes, technological advancements, and increasing stakeholder 
demands for transparency. Historically, financial communication was primarily focused on 
compliance with reporting requirements, with limited emphasis on the communicative aspects 
of financial information (García-Sánchez et al., 2020). The introduction of regulations such as 
the Securities Act of 1933 and the Securities Exchange Act of 1934 in the United States, and 
more recently, the Sarbanes-Oxley Act of 2002, established formal frameworks for financial 
disclosure and reporting. 

 
The development of the internet and digital technologies in the late 20th century 

marked a significant turning point in financial communication. Organizations began to 
leverage digital platforms to disseminate financial information more broadly and rapidly, 
leading to the emergence of online investor relations and real-time financial reporting 
(Marston, 2003). This digital transformation continued with the adoption of eXtensible 
Business Reporting Language (XBRL), which standardized the electronic communication of 
business and financial data and facilitated its automated processing (Debreceny et al., 2005). 

 
Despite these advancements, traditional financial communication has continued to 

face challenges related to information overload, complexity, and timeliness. Financial reports 
are often lengthy, technical, and difficult for non-expert investors to interpret, potentially 
limiting their effectiveness as communication tools (Lee et al., 2017). Furthermore, the 
quarterly reporting cycle has been criticized for encouraging short-termism and failing to 
provide a comprehensive view of a company's long-term value creation prospects (Lazonick, 
2014). 

 
2.2 Theoretical Frameworks in Financial Communication 

Several theoretical frameworks provide context for understanding the role and 
importance of financial communication. Agency theory, which addresses the relationship 
between principals (shareholders) and agents (management), highlights information 
asymmetry as a fundamental challenge in corporate governance (Jensen & Meckling, 1976). 
Financial communication serves as a mechanism to reduce this asymmetry by providing 
shareholders with relevant information to monitor management performance (Aondover, 
2025). 

 
Signaling theory suggests that organizations use financial disclosures to signal their 

quality and prospects to the market, particularly when there is information asymmetry 
(Spence, 1973). High-quality companies have incentives to provide more transparent and 
detailed financial information to distinguish themselves from lower-quality peers. 

 
Legitimacy theory posits that organizations seek to maintain their legitimacy by 

conforming to societal expectations and norms, including those related to transparency and 
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accountability (Suchman, 1995). Financial communication is thus a tool for organizations to 
demonstrate their adherence to these expectations and maintain their social license to operate. 

 
Stakeholder theory expands the focus beyond shareholders to include all parties with 

an interest in the organization, emphasizing the importance of communication with multiple 
stakeholder groups (Freeman, 1984). This perspective highlights the need for financial 
communication to address the diverse information needs of various stakeholders, not just 
investors. 
 
2.3 AI Technologies in Finance 

Artificial Intelligence encompasses a range of technologies that enable machines to 
perform tasks that typically require human intelligence. In the context of financial 
communication, three AI technologies have emerged as particularly impactful: 

 
Machine Learning (ML) involves algorithms that can learn from and make predictions 

or decisions based on data. In finance, ML applications include fraud detection, risk 
assessment, and predictive analytics (Kou et al., 2021). ML algorithms can identify patterns in 
large datasets that would be difficult or impossible for humans to discern, enabling more 
sophisticated analysis and forecasting. 

 
Natural Language Processing (NLP) focuses on the interaction between computers 

and human language, enabling machines to understand, interpret, and generate human 
language. In financial communication, NLP is used for automated report generation, 
sentiment analysis of financial news and social media, and intelligent chatbots for investor 
queries (Loughran & McDonald, 2016). NLP can transform unstructured text data into 
structured insights, enhancing the accessibility and usefulness of financial information. 

 
Robotic Process Automation (RPA) involves the use of software robots to automate 

repetitive, rule-based tasks. In financial reporting, RPA can streamline data collection, report 
generation, and compliance checking processes (Willcocks et al., 2021). By automating routine 
tasks, RPA reduces the risk of human error and frees up finance professionals to focus on 
more value-added activities. 
 
2.4 Previous Studies on AI in Financial Reporting 

Research on AI applications in financial reporting has grown rapidly in recent years, 
reflecting the increasing adoption of these technologies in practice. Several studies have 
examined the impact of AI on the quality and efficiency of financial reporting processes. 

 
Sun et al. (2020) investigated the use of ML algorithms in financial statement analysis 

and found that these techniques could improve the accuracy of financial distress prediction 
compared to traditional statistical methods. Similarly, Cao et al. (2019) demonstrated that 
NLP-based approaches could enhance the analysis of narrative disclosures in financial reports, 
providing deeper insights into companies' performance and prospects. 

 
Studies have also explored the potential of AI to enhance the timeliness of financial 

reporting. Dinh and Tripe (2021) found that organizations using AI technologies in their 
financial reporting processes were able to reduce reporting delays and provide more frequent 
updates to investors, improving information relevance. 

 
The impact of AI on investor engagement has been another focus of research. 

Blankespoor et al. (2020) examined the use of plain language generated by NLP systems in 
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financial disclosures and found that it increased readability and comprehension among non-
professional investors, potentially broadening the investor base. 

 
Despite these advancements, researchers have also identified challenges and limitations 

associated with AI adoption in financial communication. Dai and Vasarhelyi (2017) 
highlighted concerns about the "black box" nature of some AI algorithms, which can make it 
difficult to understand how decisions are reached and to ensure compliance with regulatory 
requirements. Additionally, studies have pointed to the need for human oversight to address 
ethical considerations and to ensure that AI-generated communications align with 
organizational values and strategies (Tang & Yang, 2020). 
 
2.5 Research Gaps 

While existing research has provided valuable insights into specific applications of AI 
in financial reporting, several gaps remain in the literature. First, there is a need for a 
comprehensive examination of how AI technologies collectively transform the entire financial 
communication ecosystem, rather than focusing on isolated applications. Second, limited 
research has explored the implications of AI adoption for investor relations and stakeholder 
engagement more broadly. Third, the ethical and governance challenges associated with AI in 
financial communication require further investigation, particularly in relation to transparency, 
accountability, and human oversight. This research aims to address these gaps by providing a 
holistic analysis of AI's impact on corporate financial communication (Aondover, 2025). 

 

III. Research Method 
 

3.1 Research Design 
This study adopts a qualitative research design to explore the impact of AI on 

corporate financial communication. A qualitative approach is particularly appropriate for this 
research as it allows for an in-depth examination of complex phenomena and the 
identification of patterns and themes that may not be apparent through quantitative methods 
alone (Creswell & Creswell, 2018; Aondover, 2025). The qualitative design enables a 
comprehensive exploration of how AI technologies are transforming financial communication 
practices, the opportunities they present, and the challenges they pose. 
 
3.2 Data Collection 

The primary method of data collection for this study is a systematic literature review. 
A systematic review involves a structured and rigorous approach to identifying, evaluating, and 
synthesizing all available research relevant to a specific research question (Tranfield et al., 
2003). This method was chosen to ensure a comprehensive and unbiased examination of 
existing knowledge on AI in corporate financial communication. 

 
The literature search was conducted using multiple academic databases, including Web 

of Science, Scopus, EBSCOhost, and Google Scholar. The search terms included 
combinations of keywords such as "artificial intelligence," "machine learning," "natural 
language processing," "robotic process automation," "financial communication," "financial 
reporting," "investor relations," and "corporate disclosure." Both peer-reviewed academic 
articles and industry publications were included to capture both theoretical perspectives and 
practical applications. 

To be included in the review, publications had to meet the following criteria: 
1. Published in English between 2015 and 2023 to ensure relevance to current AI 

technologies and practices. 
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2. Focus specifically on AI applications in corporate financial communication, reporting, 
or investor relations. 

3. Provide empirical evidence, theoretical frameworks, or detailed case studies relevant to 
the research objectives. 

4. Be published in reputable academic journals, conference proceedings, or recognized 
industry publications. 
 
The initial search yielded 1,247 publications. After removing duplicates and applying 

the inclusion criteria, 187 publications were selected for full-text review. Finally, 89 
publications were deemed directly relevant to the research objectives and included in the final 
analysis. 
 
3.3 Data Analysis 

The data analysis was conducted using a thematic analysis approach, which involves 
identifying, analyzing, and reporting patterns (themes) within data (Braun & Clarke, 2006). 
Thematic analysis is particularly suited to this research as it allows for the systematic 
organization and interpretation of qualitative data from diverse sources. 

 
The analysis process followed several steps: 

1. Familiarization with the data: All selected publications were read thoroughly to gain a 
comprehensive understanding of the content. 

2. Initial coding: Open coding was used to identify interesting features of the data across 
the entire dataset. This involved highlighting and labeling segments of text that related 
to AI applications in financial communication. 

3. Searching for themes: The initial codes were collated into potential themes, 
representing patterns in the data that address the research objectives. 

4. Reviewing themes: The themes were reviewed in relation to the coded data extracts 
and the entire dataset to ensure they accurately represent the data. 

5. Defining and naming themes: The themes were refined and defined, with clear names 
and descriptions developed for each. 

6. Producing the report: The final themes were organized into a coherent narrative, 
supported by illustrative examples from the data. 

The thematic analysis resulted in the identification of five major themes: 
1. AI applications in financial reporting processes 
2. Impact on financial reporting quality 
3. Effects on investor engagement and relations 
4. Influence on decision-making processes 
5. Challenges and ethical considerations 

  
3.4 Ethical Considerations 

As this study is based on a systematic review of existing literature, direct ethical issues 
related to human subjects were not applicable. However, several ethical considerations were 
observed in the research process: 

1. Academic integrity: All sources were properly cited, and care was taken to avoid 
plagiarism or misrepresentation of others' work. 

2. Bias mitigation: The systematic review process was designed to minimize selection bias 
by using clear inclusion criteria and multiple databases. 

3. Critical evaluation: The quality of each publication was critically assessed, with 
attention given to potential conflicts of interest or methodological limitations. 

4. Balanced reporting: Both positive and negative aspects of AI in financial 
communication were presented to ensure a balanced perspective. 
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IV. Results and Discussion 
 

4.1 Results 
a. AI Applications in Financial Reporting Processes 

The systematic literature review revealed numerous applications of AI technologies 
across the financial reporting process. These applications can be categorized into three main 
areas: data collection and processing, analysis and interpretation, and dissemination and 
communication. 
 
b. Data Collection and Processing 

AI technologies, particularly RPA and ML, are increasingly being used to automate the 
collection and processing of financial data. Several studies highlighted how RPA can 
streamline the extraction of data from various sources, including internal systems, external 
databases, and regulatory filings (Willcocks et al., 2021; Anand et al., 2022). This automation 
reduces manual effort, minimizes errors, and accelerates the data preparation phase of 
financial reporting. 

 
ML algorithms are being applied to validate and reconcile financial data, identifying 

anomalies and inconsistencies that might indicate errors or potential fraud (Sun et al., 2020). 
These algorithms can learn from historical data to recognize patterns and flag deviations that 
require human investigation, enhancing the accuracy and reliability of financial information. 

 
Case studies from multinational corporations demonstrated how AI-powered data 

integration platforms can consolidate information from disparate systems, providing a unified 
view of financial performance (Dinh & Tripe, 2021). This integration is particularly valuable 
for organizations with complex structures or those operating in multiple jurisdictions with 
different reporting requirements. 
 
c. Analysis and Interpretation 

AI technologies are transforming the analysis and interpretation of financial data, 
enabling more sophisticated insights and forecasting capabilities. ML algorithms are being 
used to identify trends, correlations, and patterns in financial data that may not be apparent 
through traditional analysis methods (Kou et al., 2021). These algorithms can process large 
volumes of historical and real-time data to generate predictive insights about future financial 
performance. 

 
NLP technologies are increasingly being applied to analyze narrative disclosures in 

financial reports, such as management discussion and analysis (MD&A) sections, earnings call 
transcripts, and forward-looking statements (Loughran & McDonald, 2016). These 
technologies can extract key themes, assess sentiment, and identify changes in language 
patterns that may signal shifts in company strategy or performance. 

 
Several studies highlighted the use of AI for automated financial ratio analysis and 

benchmarking, comparing a company's performance against industry peers and historical 
trends (Cao et al., 2019). These analyses can provide deeper insights into a company's relative 
strengths and weaknesses, informing both internal decision-making and external 
communication. 
 
d. Dissemination and Communication 

AI is revolutionizing how financial information is disseminated and communicated to 
stakeholders. NLP technologies are being used to generate plain-language summaries of 
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complex financial reports, making them more accessible to non-expert investors (Blankespoor 
et al., 2020). These summaries can highlight key financial metrics, performance trends, and 
strategic initiatives in a concise and easily understandable format. 

 
Interactive AI-powered dashboards and visualization tools are enabling more dynamic 

and personalized presentation of financial information (Dai & Vasarhelyi, 2017). These tools 
allow users to explore financial data through interactive charts, graphs, and tables, tailoring the 
level of detail and focus to their specific interests and needs. 

 
AI chatbots and virtual assistants are being deployed to handle investor inquiries, 

providing instant responses to common questions about financial performance, strategy, and 
governance (Tang & Yang, 2020). These systems can operate 24/7, improving the accessibility 
and responsiveness of investor relations functions. 
 
e. Impact on Financial Reporting Quality 

The literature review identified several ways in which AI technologies are enhancing 
the quality of financial reporting, defined in terms of accuracy, timeliness, relevance, and 
comparability. 
 
f. Accuracy and Reliability 

Multiple studies reported that AI technologies, particularly ML and RPA, are 
improving the accuracy and reliability of financial reporting by reducing human errors in data 
collection, processing, and calculation (Anand et al., 2022). Automated validation checks and 
anomaly detection algorithms can identify and flag potential errors or inconsistencies before 
reports are finalized, enhancing the overall quality of financial information. 

 
AI is also being used to improve the consistency of financial reporting across different 

periods and business units. By standardizing data definitions, calculation methods, and 
reporting formats, AI systems can ensure that financial information is presented consistently, 
facilitating more meaningful comparisons over time and across segments (Dinh & Tripe, 
2021). 
 
g. Timeliness 

The literature consistently highlighted that AI technologies are accelerating the 
financial reporting process, enabling more timely dissemination of financial information. RPA 
can automate many time-consuming tasks in the reporting cycle, such as data collection, 
reconciliation, and report generation, reducing the time required to produce financial 
statements (Willcocks et al., 2021). 

 
Several studies noted that AI enables more frequent and continuous financial 

reporting, moving beyond traditional quarterly and annual cycles (Dai & Vasarhelyi, 2017). 
Real-time data processing and analysis capabilities allow organizations to provide more current 
financial information to investors, reducing information asymmetry and improving market 
efficiency. 
 
h. Relevance and Decision-Usefulness 

AI technologies are enhancing the relevance and decision-usefulness of financial 
reporting by providing more forward-looking and predictive information. ML algorithms can 
analyze historical data and external factors to generate forecasts and scenario analyses, helping 
investors assess future performance and risks (Kou et al., 2021). 
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NLP technologies are being used to analyze and extract insights from unstructured 
data sources, such as social media, news articles, and industry reports, complementing 
traditional financial statements with contextual information (Loughran & McDonald, 2016). 
This broader information set can provide a more comprehensive view of a company's 
performance and prospects. 

 
Several studies highlighted how AI can enable more customized and personalized 

financial reporting, tailoring the content and format to the specific needs and preferences of 
different stakeholder groups (Blankespoor et al., 2020). This customization can enhance the 
relevance and usefulness of financial information for diverse users. 
 
i. Comparability and Standardization 

AI technologies are contributing to greater comparability and standardization in 
financial reporting. By automating the application of accounting standards and reporting 
requirements, AI systems can ensure consistent interpretation and implementation across 
organizations and jurisdictions (Cao et al., 2019). 

 
Several studies noted the potential for AI to facilitate the adoption of global reporting 

standards by automatically translating financial information between different accounting 
frameworks (Anand et al., 2022). This capability could enhance the comparability of financial 
information across international markets, benefiting global investors. 
 
j. Effects on Investor Engagement and Relations 

The literature review revealed significant impacts of AI on investor engagement and 
relations, transforming how organizations interact with their investors and how investors 
access and use financial information. 
 
k. Accessibility and Inclusivity 

Multiple studies reported that AI technologies are making financial information more 
accessible to a broader range of investors. NLP-powered plain language summaries and 
explanations are helping non-professional investors understand complex financial reports, 
potentially broadening the investor base (Blankespoor et al., 2020). 

 
AI translation tools are enabling multilingual financial reporting, making information 

accessible to investors regardless of language barriers (Tang & Yang, 2020). This capability is 
particularly valuable for multinational corporations seeking to engage with investors in 
different markets. 

 
Interactive AI-powered platforms are allowing investors to explore financial data at 

their own pace and level of detail, catering to diverse information needs and preferences (Dai 
& Vasarhelyi, 2017). This flexibility can enhance the inclusivity of financial communication, 
accommodating investors with varying levels of financial literacy. 
 
l. Interactivity and Responsiveness 

The literature highlighted that AI is enabling more interactive and responsive investor 
relations. AI chatbots and virtual assistants are providing immediate responses to investor 
inquiries, improving the accessibility and responsiveness of investor relations functions (Tang 
& Yang, 2020). These systems can handle a high volume of routine inquiries, freeing up 
investor relations professionals to focus on more complex issues. 

 



 

23 

Virtual investor relations platforms powered by AI are facilitating more engaging and 
interactive presentations of financial information, including virtual earnings calls, interactive 
dashboards, and personalized reports (Dinh & Tripe, 2021). These platforms can enhance the 
quality of investor interactions and provide more immersive experiences. 
 
m. Personalization and Customization 

Several studies emphasized that AI is enabling more personalized and customized 
investor communication. ML algorithms can analyze investor behavior and preferences to 
tailor financial information and communication strategies to individual needs (Cao et al., 
2019). This personalization can enhance the relevance and effectiveness of investor relations 
efforts. 

 
AI-powered segmentation tools are helping organizations categorize investors based 

on their investment styles, information preferences, and engagement patterns, enabling more 
targeted and relevant communication (Kou et al., 2021). This segmentation can improve the 
efficiency and effectiveness of investor relations activities. 
 
n. Trust and Transparency 

The literature presented mixed findings regarding the impact of AI on trust and 
transparency in investor relations. On one hand, several studies suggested that AI can enhance 
transparency by providing more comprehensive, timely, and accessible financial information 
(Anand et al., 2022). AI-powered analytics can also identify and disclose potential risks and 
uncertainties more effectively, promoting greater transparency. 

 
On the other hand, some studies raised concerns about the "black box" nature of 

some AI algorithms, which can make it difficult to understand how financial information is 
generated and analyzed (Dai & Vasarhelyi, 2017). This lack of transparency could potentially 
undermine trust in AI-generated financial information, particularly if investors are uncertain 
about the underlying methodologies and assumptions. 

 
o. Influence on Decision-Making Processes 

The systematic literature review identified significant impacts of AI on decision-
making processes, both within organizations and among investors. 

 
p. Internal Decision-Making 

Multiple studies reported that AI technologies are enhancing internal decision-making 
processes by providing more timely, accurate, and comprehensive financial information (Sun 
et al., 2020). Real-time data processing and analysis capabilities enable managers to make more 
informed operational and strategic decisions based on current financial performance and 
projections. 

 
AI-powered scenario analysis and forecasting tools are helping organizations evaluate 

the potential financial implications of different strategic options, supporting more robust 
decision-making (Kou et al., 2021). These tools can simulate various scenarios and assess their 
potential impact on financial performance, enabling more proactive and forward-looking 
decision-making. 

 
Several studies highlighted how AI can improve risk management decisions by 

identifying and assessing financial risks more effectively (Cao et al., 2019). ML algorithms can 
analyze large volumes of data to detect emerging risks and provide early warnings, enabling 
organizations to take timely corrective actions. 
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q. Investment Decision-Making 
The literature consistently indicated that AI is transforming investment decision-

making processes. AI-powered analytics are providing investors with more sophisticated tools 
for analyzing financial information, identifying investment opportunities, and assessing risks 
(Loughran & McDonald, 2016). These tools can process vast amounts of financial and non-
financial data to generate insights that would be difficult or impossible for human analysts to 
discern. 

 
NLP technologies are enabling investors to analyze and interpret narrative disclosures 

more effectively, extracting valuable insights from management discussions, earnings call 
transcripts, and other textual sources (Blankespoor et al., 2020). This capability can enhance 
the quality and depth of investment analysis. 

 
Several studies noted that AI is democratizing investment analysis by making 

sophisticated analytical tools accessible to a broader range of investors, including individual 
investors with limited resources (Dinh & Tripe, 2021). This democratization could potentially 
level the playing field between institutional and individual investors. 
 
r. Regulatory and Compliance Decisions 

AI technologies are also influencing regulatory and compliance decisions related to 
financial reporting. ML algorithms are being used to monitor financial reports for potential 
compliance issues, identifying deviations from accounting standards or regulatory 
requirements (Anand et al., 2022). These systems can help organizations ensure compliance 
and reduce the risk of regulatory sanctions. 

 
Several studies highlighted how AI can support regulatory oversight by analyzing large 

volumes of financial reports to identify patterns or anomalies that may indicate potential 
misconduct or systemic risks (Willcocks et al., 2021). This capability could enhance the 
effectiveness and efficiency of regulatory supervision. 

 
s. Challenges and Ethical Considerations 

Despite the numerous benefits identified in the literature, the systematic review also 
revealed several challenges and ethical considerations associated with the adoption of AI in 
corporate financial communication. 
 
t. Technical and Implementation Challenges 

Multiple studies reported technical challenges related to AI implementation, including 
data quality issues, integration complexities, and algorithmic limitations (Dai & Vasarhelyi, 
2017). AI systems require high-quality, well-structured data to function effectively, and many 
organizations struggle with data silos, inconsistencies, and legacy systems that hinder AI 
adoption. 

 
The literature also highlighted implementation challenges, including the need for 

significant investments in technology infrastructure, specialized skills, and change management 
initiatives (Tang & Yang, 2020). Many organizations face difficulties in recruiting and retaining 
talent with the necessary expertise in both finance and AI. 
 
u. Governance and Oversight 

Several studies emphasized the importance of governance and oversight mechanisms 
for AI in financial communication. The "black box" nature of some AI algorithms can make it 
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difficult to understand how decisions are reached, potentially conflicting with the need for 
transparency and accountability in financial reporting (Cao et al., 2019). 

 
The literature highlighted the need for clear frameworks for AI governance, including 

guidelines for algorithm development, validation, and monitoring (Anand et al., 2022). These 
frameworks should ensure that AI systems operate in accordance with regulatory requirements 
and organizational values. 
 
v. Ethical Considerations 

Ethical considerations emerged as a significant theme in the literature. Several studies 
raised concerns about the potential for AI to perpetuate or amplify biases in financial 
reporting and analysis (Loughran & McDonald, 2016). Biased training data or algorithmic 
design could lead to skewed or unfair outcomes, potentially disadvantaging certain stakeholder 
groups. 

 
The literature also highlighted ethical questions related to the appropriate balance 

between automation and human judgment in financial communication (Blankespoor et al., 
2020). While AI can enhance efficiency and accuracy, there is a need to ensure that human 
oversight and ethical judgment are maintained, particularly for sensitive or complex financial 
information. 
 
w. Regulatory and Legal Challenges 

The systematic review identified regulatory and legal challenges associated with AI in 
financial communication. The rapid evolution of AI technologies has outpaced the 
development of regulatory frameworks, creating uncertainty about compliance requirements 
and legal responsibilities (Dinh & Tripe, 2021). 

 
Several studies noted the need for updated regulations and standards to address the 

unique challenges posed by AI in financial reporting, including issues related to algorithmic 
transparency, data privacy, and accountability (Willcocks et al., 2021). The development of 
appropriate regulatory frameworks will be essential to ensure that AI is used responsibly and 
effectively in financial communication. 
 
4.2 Discussion 

The findings from this systematic literature review reveal that AI is fundamentally 
transforming corporate financial communication across multiple dimensions. The discussion 
below interprets these findings in relation to existing literature, explores their theoretical and 
practical implications, and considers the future trajectory of AI in financial communication. 
 
a. Theoretical Implications 

The findings have several implications for theoretical frameworks in financial 
communication. From an agency theory perspective, AI technologies appear to be reducing 
information asymmetry between principals (investors) and agents (management) by enhancing 
the quality, timeliness, and accessibility of financial information (Jensen & Meckling, 1976). 
This reduction in information asymmetry could potentially lower monitoring costs and 
improve the efficiency of capital markets. 

 
The findings also support signaling theory by demonstrating how AI enables 

organizations to provide more detailed, timely, and forward-looking financial information, 
which can serve as a stronger signal of their quality and prospects (Spence, 1973). AI-powered 
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analytics and reporting tools allow organizations to differentiate themselves through the 
quality and sophistication of their financial communication. 

 
From a legitimacy theory perspective, the findings suggest that AI can enhance 

organizational legitimacy by improving transparency and accountability in financial reporting 
(Suchman, 1995). AI technologies enable more comprehensive and accurate disclosure of 
financial performance and risks, demonstrating adherence to societal expectations for 
transparency. 

 
The findings also extend stakeholder theory by showing how AI can facilitate more 

effective communication with diverse stakeholder groups, addressing their specific 
information needs and preferences (Freeman, 1984). AI-powered personalization and 
customization tools enable organizations to tailor financial communication to different 
stakeholder segments, enhancing engagement and relationships. 
 
b. Practical Implications 

The findings have significant practical implications for organizations, investors, 
regulators, and technology providers. 
 
c. Implications for Organizations 

For organizations, the findings suggest that AI can enhance the efficiency, 
effectiveness, and strategic value of financial communication. AI technologies can streamline 
financial reporting processes, reduce errors, and free up finance professionals to focus on 
more value-added activities such as analysis and strategic advice (Dai & Vasarhelyi, 2017). 

 
The findings indicate that organizations should adopt a strategic approach to AI 

implementation in financial communication, aligning technology investments with broader 
business objectives and stakeholder needs (Tang & Yang, 2020). This approach should include 
careful consideration of data quality, integration requirements, and change management needs. 

 
The literature also highlights the importance of maintaining human oversight and 

judgment in AI-powered financial communication (Cao et al., 2019). Organizations should 
establish clear governance frameworks that define the appropriate roles for AI and human 
professionals, ensuring that ethical considerations and strategic judgment are preserved. 
 
d. Implications for Investors 

For investors, the findings suggest that AI can provide more sophisticated tools for 
analyzing financial information and making investment decisions. AI-powered analytics can 
process vast amounts of data to generate insights that enhance investment analysis and 
decision-making (Loughran & McDonald, 2016). 

 
The findings indicate that investors should develop their understanding of AI 

technologies and their applications in financial communication to effectively leverage these 
tools (Blankespoor et al., 2020). This includes understanding the capabilities and limitations of 
AI systems and the potential biases or errors they may introduce. 

 
The literature also highlights the need for investors to critically evaluate AI-generated 

financial information, considering the methodologies, assumptions, and potential limitations 
(Dinh & Tripe, 2021). While AI can enhance the quality and accessibility of financial 
information, investors should maintain a healthy skepticism and exercise professional 
judgment. 
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e. Implications for Regulators 
For regulators, the findings suggest that AI is transforming the financial reporting 

landscape in ways that require updated regulatory frameworks and oversight approaches 
(Willcocks et al., 2021). The rapid evolution of AI technologies presents challenges for existing 
regulations that were not designed with these technologies in mind. 

 
The findings indicate that regulators should develop guidelines and standards for AI 

use in financial communication, addressing issues such as algorithmic transparency, data 
quality, and accountability (Anand et al., 2022). These frameworks should balance the 
promotion of innovation with the protection of investors and the integrity of financial 
markets. 

 
The literature also highlights the potential for regulators to leverage AI technologies in 

their oversight activities, using advanced analytics to monitor financial reports for compliance 
issues and emerging risks (Sun et al., 2020). This could enhance the effectiveness and 
efficiency of regulatory supervision. 
 
f. Implications for Technology Providers 

For technology providers, the findings suggest significant opportunities for developing 
AI solutions tailored to the specific needs of financial communication (Kou et al., 2021). The 
growing demand for AI-powered financial reporting and investor relations tools represents a 
substantial market opportunity. 

 
The findings indicate that technology providers should focus on developing solutions 

that address the key challenges identified in the literature, including data integration, 
algorithmic transparency, and user-friendliness (Dai & Vasarhelyi, 2017). Solutions that 
effectively balance automation with human oversight are likely to be particularly valuable. 

 
The literature also highlights the importance of collaboration between technology 

providers and financial professionals to ensure that AI tools meet the practical needs and 
regulatory requirements of financial communication (Tang & Yang, 2020). This collaboration 
can help bridge the gap between technological capabilities and domain expertise. 
 
g. Future Trajectory of AI in Financial Communication 

Based on the findings, several trends are likely to shape the future trajectory of AI in 
financial communication: 
 
h. Increasing Integration and Convergence 

The literature suggests that AI technologies will become increasingly integrated into 
financial communication processes, moving from standalone applications to comprehensive 
platforms that span the entire information lifecycle (Dinh & Tripe, 2021). This integration will 
likely involve the convergence of different AI technologies, such as ML, NLP, and RPA, to 
create more powerful and versatile solutions. 

 
i. Advancement towards Explainable AI 

The findings indicate a growing need for explainable AI in financial communication, 
where algorithms can provide clear explanations for their outputs and decisions (Cao et al., 
2019). This advancement will be crucial for addressing the "black box" problem and ensuring 
transparency and accountability in AI-powered financial reporting. 
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j. Personalization and Customization 
The literature suggests that AI will enable increasingly personalized and customized 

financial communication, tailored to the specific needs and preferences of different 
stakeholders (Blankespoor et al., 2020). This trend will likely involve the development of more 
sophisticated user profiling and content generation capabilities. 

 
k. Real-time and Continuous Reporting 

The findings indicate that AI will facilitate the transition from periodic to real-time and 
continuous financial reporting, providing more timely and relevant information to investors 
(Dai & Vasarhelyi, 2017). This shift will require significant changes in reporting processes, 
systems, and potentially regulatory frameworks. 

 
l. Enhanced Regulatory Frameworks 

The literature suggests that regulatory frameworks will evolve to address the unique 
challenges and opportunities presented by AI in financial communication (Willcocks et al., 
2021). This evolution will likely involve the development of new standards and guidelines for 
AI use in financial reporting, as well as potential updates to existing regulations. 

 

V. Conclusion 
 

Artificial Intelligence is transforming corporate financial communication in profound 
ways, offering unprecedented opportunities to enhance the quality, accessibility, and relevance 
of financial information. This systematic literature review has examined the current state of 
research on AI in financial communication, identifying key applications, impacts, challenges, 
and future directions. The findings suggest that AI has the potential to significantly improve 
financial reporting quality, enhance investor engagement, and support better decision-making 
by organizations and investors. However, realizing this potential requires careful attention to 
implementation challenges, governance frameworks, ethical considerations, and regulatory 
requirements. As AI technologies continue to evolve and mature, their influence on financial 
communication is likely to grow, reshaping the relationship between organizations and 
stakeholders in fundamental ways. By understanding and proactively addressing the 
opportunities and challenges presented by AI, organizations, investors, regulators, and 
technology providers can work together to ensure that the future of financial communication 
is more transparent, efficient, and effective. 
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